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Lecture 9. Policy Gradient Method

1. Value-based vs Policy-based RL
Value based RL
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Poicy based RL
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2. Policy Optimization & Policy Gradient Method
Policy Optimization

Policy based RL 2 %8t Objective function Oli= Expected reward #f=2 AESICE O|Mf, episodic
environment 0| = start value & AHE3StIL continuing environment 0| = average value =2 average reward
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Policy Gradient Method
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